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Abstract—Thisdocumentisanaspectofapplyingsystem inthediagnosisandtherapyforheart
diseasesandalsotoimprovepatientsafetyusingasimpledataminingtechnique.
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I. INTRODUCTION

TherearevariousreasonsfortheoccurenceofHeartDiseases,whichcanbefrequently
investigatedthroughtheAtributeSetrelatedtodifferenttestresultsofPatients. Thedifferent
sourcesofmedicaldataareMedical Analysis,DiagnosticCentres,pastCaseSheets,Doctor
Prescriptions.Heartdiseasescanbepredictedthroughtheanalysismadeonsomeatributeslikeage,
sex,chestpaintype,bloodpressure,cholesterol, fastingbloodsugar,Maximumbheartrateachieved.

K-meansclusteringalgorithm isusedforvalidatingtheaccuracyofmedicinaldata. These
algorithmscanbeusedtooptimizethedatastorageforpracticalandlegalpurposes

I. METHODOFUSE
A. Existing:

Numerousworksforheartdiseasepredictionisachievedbyartificialneuralnetworkanddata
miningtechniques. Alrequireshardwareslikeradiator,scannersandmanpower. Thereisnoexisting
softwarethatworksalonewithoutadictatorandhardwares.

Accuracylssues:Amanualsystemalonedoesnotensureaccuracy,andthewarehousedataisonly
asgoodasthedataentrythatcreatedit. Bymanualybecausetheamountisverylargesosomedata
miningandmachinelearningtechniquescanbeused.

B.Proposal:

*  TheUsercansearchfordoctor’shelpatanypointoftime.

»  UsercantalkabouttheirHeartDiseaseandgetinstantdiagnosis.
*  Doctorsgetmoreclientsonline.

*  Veryusefulincaseofemergency.

I. ALGORITHMUSED

K-Meansisagoodoption(fast,robustandeasiertounderstand)forlocalsearchability.It
handlesalmissingvaluesandinvestigateseachpossibility.Ifanatributehasmorethan5%missing
valuesthentherecordsshouldnotbedeletedanditisadvisabletoimpute. Meanwhile,itproduce differentresultsatdifferentinitialpartitions.K-
meansclusteringalgorithm isusedforvalidatingthe
accuracyofmedicinaldata. Thesealgorithmscanbeusedtooptimizethedatastorageforpractical andlegalpurposes.
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DatawithMultipleFeaturesisatypeofclusteringalgorithmmethodwhichisusedtoanalysedata remainingcorespondingtotheinputdatagiven.
A Patientobservation

Heartdiseasescanbepredictedthroughtheanalysismadeonsomeatributeslikeage,sex,
chestpaintype,bloodpressure,cholesterol,fastingbloodsugar, Maximumheartrateachieved.

| Patientsregistertheirdetailslikename,email,phone,usernameandpassword.

| Patientlogsintothesystemwithregisteredusernameandpassword.

| Patiententertheirdiseasehistoryatributedetailslikeage,gender,smokinghabit,drinkinghabit,
fastfoodintakehabit,whethertheyareoverweight,whethertheyarementalystressed,,
whethertheyhavepininchest,bloodpressuredetail,bloodsugardetails.

| Patientdiseasehistoryatributevaluesareanalysedwithk-meansalgorithmandfinalyDisease predictionisshowtouser.

B.AtributesRequired

Basicatributesrequiredtopredictaheartdiseaseare:

\ Diabetes
| Sugarlevelofthepatient
L. Cholesterollevel
L Age
L. 60%ofdiseaseaffectedpatientswilbeaboveageof40
L Sex
| Femalepatientsaffectmoreinheartdisease
| Habbits
L Riskfactors

| Doesaffectedofanykindofdiseases NumberConsequentlyiftheydon’tknowabouttheabovementionsfactors,wecananalysetheir
medicalreportsonparticularcheckups(likesugar,cholesterol,feminismcheckups.)

Atributeslikename,age,sex,idismandatoryandanalysisisstartedonlyaftertheselogins. C.Somecommonnonaspects

Patientswhodoesnotknowtheir
L Age

| Medicalstatus

L. Ontheriskstagesofdisease
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Fig2:Howhealthyareyou-statement.

[ Notvisitedadoctorforawhile

IV. REMEDYOFNONASPECTS

Ageofapatient(whodoesn’tknows)canbepartialypredictedbytheirappearanceandphysic.It
doesn’tmatersthatnotvisitingadoctorbutmatersontheymustknowabouttheirphysicand
medicalstatus. Anormalmedicalcheckupisenough[1Height/weight [2]Bloodpressure[3]
Cholesterollevel[4]Bloodsugartest[ 5] Throatcheck[6]EarandEyecheck.“ElectroCardiogram”for thoseatahigherriskofheartdisease.

Fig3:Doctorcheckingone'spressure

A.Doctor’spointofview

Bioscienceisthemajortechniqueused bydoctors.Clinicaltestreportsarepredicted by
effectivenessofhugeandcomplexclinicaldatainordertodiagnosedisease. Theseinformationsare minedundereffectivemedicalassistance.

Somepowerfulknowledgeonheartdiseasepredictionusinganapproachof ANNwithLVQ achievedaccuracyof80-
85%andspecificityofabout70%.

(ANN-Artificialneuralnetwork, L VQ-Learning VectorQuantization)

L. Doctorregisterstheirdetailslikename,email,phone,specialistin,usernameandpassword.
| Doctorlogsintothesystemwithusernameandpassword

Doctorcanviewpatientdiseasehistoryatributedetailslikeage,gender,smokinghabit,drinking
habit, fastfoodintakehabit,whethertheyareoverweight,whethertheyarementalystressed,
whethertheyhavepininchest,bloodpressuredetail,bloodsugardetails.

| Doctorcanviewoveralclusteredreport.
| Theclusterreportwilsaylargepercentageofheartatackdiseaseisduetosmokinghabit
ordrinkinghabitorfastfoodintakehabitorstressfactor,etc.
| Thereportsayswhetherthepatienthasthehighriskofheartdisease,diabetesorcancer.
| Thisdataandanalysiscanbeextractedasreportandhandedovertothepatients.
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B.Tables
a) PatientLogin:Itcontainspatientdetails

Atributes Fields Action
1.User Usernamecanbeof created
name theirchoice

2. Password must be created
Password created

Tablel:ExampleofaPatientLogintable

OISR pasaword!

Fig4:Patientlogin

Patientmustcreatetheirownloginbyusintheirusernameandpassword.

Usernamemayothis/herchoice.Passwordwilbesaveandcanbenotedbyadminformedical purposeanddatamining.

Althedetailswilbekeptsecuredandonlycanbeviewedbypermiteddoctorsandadmin
handlers.Detailsofthepatientsmustbemandatoryandtrueonbehalfofthepatients.

Fig5:Importantatributestopredictadisease
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b) PatientDetails:itcontainsPatientData

Atributes Fields

1.Age and Ageofthepatient

gender

2.Habbit Smoking/Drinking

3.Obesity Foodhabbits/weight

4.Sugarlevel Sugarlevelinblood
2/180ml

5.Cholesterol Cholesterollevel?/120ml
inblood

6,Intakes Medicationsforanykindof
disease

Table2:Exampleofpatientdetailstable

SamefortheDoctorloginpageandhe/shecantrackthepatientsstageofatributestopredicttheir
presence.ltdoesn’tmeanthatthedoctorpredictsthedisease. Diseaseisminedusingthedatafields
givenbypatients.Doctorsvisitsthedatatoensuretheresult.

Table 2.—Male Cohort Mean Daily Dietary Intake:

Framingham 16-Year Analysis
Mean (= SD) Age
4555y 5665y
Variable (n=420) (n=393)
Energy intake, kJ 11 195+3155 10 671 = 2833*
Total fat, g 118.4+419 109.3+39.2*
% of energy intake 39.7+84 38.3+8.9t1
Saturated fatty acid 45.3+18.2 423 +17.6t
@:ene:::ﬁm"ﬁ"ge 15234 14.?7’_?: "
Polyunsaturated fatty acid, g 16.5=8. 0=7.

% of energy intake 5525 54+24
Monounsaturaled fatty acid, g 485+18.3 443+17.2¢%
% of energy intake 16.2=4.0 155+4.0*

saturated-saturated ratio 0.4+0.2 0.4+0.2

sterol, mg

Fig6:Exampleofapatient'smedicationanddiabetesandcholesterolreport

Theabovetableisanexampleofmedicationundertakenbyapatientandhis/herlevelofcholesterol anddiabetes.
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V.HeartDiseaseFacts
1)Heartdiseaseistheleadingcauseofdeathforbothmenandwomen.Morethanhalfofthe deathsduetoheartdiseasein2009wereinmen.
2)About610,000Americansdiefromheartdiseaseeachyear—that’slinevery4deaths.

3) Coronaryheartdiseaseisthemostcommontypeotheartdisease,kilingmorethan370,000 peopleannualy.

4)IntheUnitedStates,someonehasaheartatackevery43seconds.Eachminute,someonein theUnitedStatesdiesfromaheartdisease-
relatedevent.

5)Heartdiseaseistheleadingcauseofdeathforpeopleofmostracial/ethnicgroupsinthe
UnitedStates,includingA fricanAmericans,Hispanics,andwhites.

6)ForAsian AmericansorPacificlslanders andAmerican IndiansorAlaskaNatives,heart diseaseissecondonlytocancer.

7)CoronaryheartdiseasealonecoststheUnitedStates$ 108.9bilioneachyear. Thistotal
includesthecostothealthcareservices,medications,andlostproductivity

VI. CONCLUSION

Thispaperpresentedonbasisofheartdiseasepredictionforhealthcaresystemusingdatamining
techniques.Numerousworksforheartdiseasepredictionisachievedbyartificialneuralnetworkand
dataminingtechniques.Infuture,weareplanningtoproposeaneffectivediseasepredictionsystem
topredicttheheartdiseasewithbeteraccuracyusingdifferentdataminingclassificationtechniques suchasNaiveBayesandDecisionTree.
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